mamnas

Every Mind deserves Care, because silence should never be a sentence

CTO Program Group 2 presents innovative Al-driven mental health support solutions
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1. Al Models can be calibrated or uncalibrated.

2. Person can be healthy or unhealthy.

3. End User Application consists of Al Models.

4. Al Models consists of LLM 1: Emotion Analysis, LLM 2:
Wellbeing Assessment, and LLM 3: Action
Recommendations.

5. Environment Data relates to Person.

6. Person exhibits Behavioral Data, Biometric Data, FOM:
Health Score, and Historical Health Data.

7. Al Models exhibits FOM: Alert Latency and FOM: Crisis
Detection Accuracy.

8. Emergency Contact / Health Service Professional
exhibits FOM: End-to-End Response Time.

9. Infrastructure exhibits FOM: Uptime.

10. Acting / Alerting changes Person from unhealthy to
healthy.

11. End User Application handles Acting / Alerting.

12. Acting / Alerting requires Crisis Signal.

13. Acting / Alerting affects Emergency Contact / Health
Service Professional.

14, Training changes Al Models from uncalibrated to
calibrated.

15. Training requires Data and Infrastructure.

16. End User Application handles Monitoring.

17. Monitoring requires Infrastructure and Person.

18. Monitoring yields Data.

19. Crisis Detecting affects FOM: Crisis Detection
Accuracy of Al Models and Person.

20. Crisis Detecting consumes Al Models and Data.

21. Crisis Detecting yields Crisis Signal.

22. Acting / Alerting affects at least one of FOM: Alert
Latency of Al Models and FOM: End-to-End Response
Time of Emergency Contact / Health Service Professional.




Al Model (Zoom IN)
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LLM 1: GPT-4 Turbo (OpenAl) - Emotion Analysis

1. Achiam, J., Adler, S., Agarwal, S., Ahmad, L., Akkaya, I., Aleman, F. L., ... & Zoph, B. (2023). GPT-4 Technical Report. arXiv preprint
arXiv:2303.08774._

2. Bubeck, S., Chandrasekaran, V., Eldan, R., Gehrke, J., Horvitz, E., Kamar, E., ... & Zhang, Y. (2023). Sparks of Artificial General
Intelligence: Early experiments with GPT-4. arXiv preprint arXiv:2303.12712._

LLM 2: Claude 3 Sonnet (Anthropic) - Wellbeing Assessment
1. Anthropic. (2024). The Claude 3 Model Family: Opus, Sonnet, Haiku. Anthropic Research Publication._

2. Askell, A., Bai, Y., Chen, A., Drain, D., Ganguli, D., Henighan, T., ... & Amodei, D. (2024). A General Language Assistant as a
Laboratory for Alignment. arXiv preprint arXiv:2404.00001._

LLM 3: GPT-4 Turbo / Claude 3 Haiku - Action Recommender

1. Zhang, Y., Chen, X., Ai, Q., Yang, L., & Croft, W. B. (2020). Learning over Knowledge-Base Embeddings for Recommendation.
Proceedings of the AAAI Conference on Artificial Intelligence, 34(03), 2849-2856.

2. Li,P,Wang, Z., Ren, Z., Bing, L., & Lam, W. (2017). Neural Rating Regression with Abstractive Tips Generation for Recommendation.
Proceedings of the 40th International ACM SIGIR Conference on Research and Development in Information Retrieval, 345-354.
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